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Abstract: The forecas
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are typhoon verage temperature at 200hPa, intensity changes over the past 6 hours,
potential intensity, and average divergence at 200hPa. The model was independently tested using
data from 2021 to 2022, and the results showed that the FM model had high accuracy when tested
using analytical data, with FNR, FPR, and TS of 0.25, 0.24, and 0.32, respectively. However, due
to the influence of forecast errors caused by forecast factors, the performance of FM models in
real-time forecasting decreases. FCM models constructed using forecast data can effectively
correct forecast errors by learning them, thereby reducing the impact of forecast errors. The FNR,
FPR, and TS of the FCM model in real-time forecasting tests were 0.28, 0.25, and 0.30,
respectively. Compared with the FM model (FNR, FPR, and TS were 0.32, 0.26, and 0.27,
respectively), the FNR and FPR decreased by 0.04 and 0.01, and the TS increased by 0.03. The

FCM model is convenient and easy to use, providing reference for real-time forecasting of
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typhoon intensity and typhoon RI.
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Fig 1 Insepect results of the FM model under the The numbers on thhrizontal axis represent the total

number of samples and at different grades)
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Fig 2 SHAP value distribution of each predictor of PP training set in t odgl (§ill col@nrepresents the
relative size of each normalized -Rred' v
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