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Abstract: In the rainfall probabilistic forecasting, information from the end of the probability distribution
function should be applied. Then better forecast about rain and the ability of probabilistic forecasting will
be developed. Based on the Bayesian theory and probabilistic forecasting model of precipitation, observa-
tional and T213 ensemble prediction data are used as the different priori information sources and experi-
ments about precipitation in Guangzhou, Nanjing, Wuhan and Chengdu are carried out. Differences on the
forecasts that are dependent on different priori informations are compared. Also influence of priori infor-

mation on the Bayesian precipitation probabilistic forecast model is analyzed. And then the model is devel-
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oped as well. Furthermore, experiment based on Bayesian precipitation probabilistic forecasting which is

dependent on model priori information is conducted. Results show that the priori information got from the

ensemble prediction data is better. While the priori precipitation amount is more, the precipitation from

the forecasting of model is also more and vice versa. Meanwhile, priori information has a strong impact on

the Bayesian precipitation probabilistic forecast model. If the precipitation amount is much more, Bayesian

ensemble probabilistic forecasting model can produce much more accurate prediction of rainy days. If the

precipitation amount is little, prediction of no rain or light rain from the model is better.
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forecast diagram consisting of posterior

probability and posterior distribution function
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Fig. 2 Normal quantile transform (NQT) diagram of precipitation at Guangzhou Station in June 2008

(a) scatter diagram of observation and forecasting precipitation before NQT,

(b) scatter diagram of observation and forecasting precipitation after NQT

(Solid line is linear trend, Q! is the inverse function of normal distribution)
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Cumulative function of posterior distribution in Guangzhou on 8 June 2008

®d(w) is posterior distribution function, G(w) is priori distribution function

(a) observation priori information scheme, (b) model priori information scheme
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