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Artificial Neural Network Approach

Zhang Xuehui"? Guan Li' Wang Zhenhui' Han Jing'

(1. NUIST, Nanjing 210044 ;2. Jiaxing Meteorological Office of Zhejiang Province)

Abstract; High-spectral-resolution Atmospheric Infrared Sounder (AIRS) data can be used
to retrieve the small scale vertical structure of air temperature, which provided a more accu-
rate and fine initial field for the numerical forecasting and the large-scale weather analysis. In
the previous studies, eigenvector regression algorithm in the IMAPP (International MODIS/
AIRS Preprocessing Package) was often used to process the data. Because of its simplicity,
the inversion precision was limited. Applying an artificial neural network to retrieve the clear
sky atmospheric temperature profiles from AIRS simulation radiation data and comparing
with the eigenvector regression algorithm, the results indicate that the neural network con-
sumed a same time as the eigenvector regression algorithm, but it reduced the atmospheric
inversion error and made improvements in temperature measurements at various levels.
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